Identification of determinants of exposure
For each biomarker of exposure the relation with possible determining factors was studied by univariate and multiple regression techniques. All analyses were done separately for the mothers and the children.
Confounders and covariates are listed in Supplemental Material, Table S1 . Confounders are a priori defined variables that are known to be related to the biomarker. Covariates are possible determinants; its relationship with the biomarker is tested within the study group. All confounders and covariates were put in the models as categorical variables.
Both for univariate and for mutiple models, linear mixed models were used instead of the ordinary linear regression models. Hence, the clustered design was taken into account in mixed effect analysis. Within a country, participants were recruited in a similar way, and thus the mothers (or children) within one country may be considered as dependent measures. Mothers (or children) from one country may have 'more identical' biomarker values than mothers (or children) from another country. This dependency between the biomarker values could be introduced into a model by a random effect. The correlation between the biomarker values within a country was estimated by the model. The intraclass correlation coefficient gives the proportion of variability in the biomarker values due to the variability between countries. The introduction of the random effects into the model will change the confidence intervals of the estimates.
Explanatory variables of interest were included in the model as fixed effects.
First, univariate models were developed for all covariates. In a second step, multiple regression models were built including those determining factors which are significant at the 0.25 3 significance level in the univariate analyses. The confounders are fixed into the model. Important determining factors were identified by stepwise selection procedures (this is a combination of forward and backward selection procedures) in which we set p<0.05 to stay in the model. As such a final linear mixed model is obtained.
Quantitative relationships between the covariates and the biomarkers were calculated from the estimates of the linear mixed model, assuming that, when quantifying the relation of one covariate with the biomarker, all other covariates in the model are fixed at the population mean.
The problem of multicollinearity, that is the existence of a high degree of linear correlation amongst two or more explanatory variables in a regression model (Neter et al. 1996) was examined. Multicollinearity makes it difficult to separate the effects of the explanatory variables on the dependent variable. In the presence of multicollinearity, the estimate of one variable's impact on Y while controlling for the others tend to be less precise than if the predictors were uncorrelated with one another. Spearman correlation coefficients between the different explanatory variables were calculated; highly correlated variables were not included in the same model. The effects of multicollinearity were analyzed using variance inflation factors. If the variance inflation factor was larger than 10 then multicollinearity was concluded (Fox 1991) . Table S2 . List of confounders (Conf) and covariates (Cov) to be examined in relation with biomarkers of exposure.
Descriptive statistics
The descriptive statistics for all biomarkers are presented in Supplemental Material , Table S3 .
The data are given in µg/g hair for mercury and both in µg/L and µg/g creatinine for urinary markers, separately for children and mothers.
Geometric means and percentiles are calculated on the basis of the 'raw' data, i.e. without weighing or correction for clustering, and without adjustment for confounders or covariates. Table S3 . Descriptive statistics for biomarkers of exposure in 17 European countries, separately for mothers and children.
Biomarker N % >LOQ GM (95%CI) min.
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The results of the multiple regression models are given in Supplemental Material, Table S4 to   Table S19 . Number of observations in model: n=1798. Cluster variance: 0.70 (p=0.003); residual variance: 0.77; intra-class correlation coefficient: 0.47. 0.4589; intra-class correlation coefficient: 0.14. • not significant (p=0.22) after weighing for unequal numbers per country. Number of observations in model: N=1601. Cluster variance: 0.16 (p=0.006); residual variance:
1.2581; intra-class correlation coefficient: 0.11. 
Comparison of results between countries
The results of the comparison between countries are given in Supplemental Material, Table S20 to Table S35 . MBzP: mono-benzyl phthalate; LOQ: limit of quantification; GM: geometric mean; CI: confidence interval.
a Adjusted for age and creatinine. b Adjusted for age. MnBP: mono-n-butyl phthalate; LOQ: limit of quantification; GM: geometric mean; CI:confidence interval. a Adjusted for age, gender and creatinine. b Adjusted for age and gender. MnBP: mono-n-butyl phthalate; LOQ: limit of quantification; GM: geometric mean; CI: confidence interval.
a Adjusted for age and creatinine. b Adjusted for age. MiBP: mono-iso-butyl phthalate; LOQ: limit of quantification; GM: geometric mean; CI: confidence interval. a Adjusted for age, gender and creatinine. b Adjusted for age and gender. MiBP: mono-iso-butyl phthalate; LOQ: limit of quantification; GM: geometric mean; CI: confidence interval.
a Adjusted for age and creatinine. b Adjusted for age.
